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Abstract 
The COVID-19 pandemic changed public awareness of the importance of high-
quality race and ethnicity data for identifying and redressing widely documented 
racial and ethnic health inequity. This article emphasizes the importance of high-
quality race and ethnicity data in health equity research, as highlighted by the 
COVID-19 pandemic. The article defines what constitutes high-quality race and 
ethnicity data, discusses the challenges in using these data, and provides 2 case 
studies that illustrate their role in identifying and redressing health inequity. 
Finally, this article advocates for the use of accurate, standardized, and granular 
data and highlights the need for community engagement and trust building to 
improve data quality and research outcomes. 

 
What Are Race and Ethnicity Data? 

Race and ethnicity classifications reflect how particular groups of people have been racialized— 

that is, how their racial or ethnic identity has been shaped by historical and political forces. In 

particular, the way racial and ethnic groups are defined depend on social, cultural, political, and 

geographical context. Although the terms race and ethnicity have evolved over time, race has 

historically referred to broad categories of people that are divided arbitrarily based on ancestral 

origin and physical characteristics.1 The United States (US) Census Bureau acknowledges that 

race is “a social definition … and not an attempt to define race biologically, anthropologically, or 

genetically.”2 In the US, ethnicity has historically referred to a person’s cultural identity (e.g., 

language, customs, religion)—namely, as Hispanic or Latino, Latina, or Latinx.3 In the United 

Kingdom (UK), however, the term ethnicity encompasses both of the above-mentioned concepts 

and is defined as the “various ways in which a person may choose to define their ethnic group… 

include[ing] common ancestry, elements of culture, identity, religion, language and physical 

appearance.”4 While the concepts of race and ethnicity are broad social constructs, they do not 
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preclude the existence of biological or genetic variation that may affect health outcomes.5 In this 

article, we use both terms—race and ethnicity—to refer to these social constructs, in line with 

recent proposals to use unified race and ethnicity categories.6 

 

The COVID-19 pandemic changed public awareness of the importance of high-quality race and 

ethnicity data for identifying and redressing widely documented racial and ethnic health inequity. 

In health equity research, concepts of race and ethnicity can be thought of as proxies for 

structural and individual racism and discrimination.7 In turn, research findings on racial or ethnic 

health differences, typically reported at a group or community level, are often a proxy for a range 

of health determinants, including—but not limited to—education, income, employment, housing, 

beliefs and behaviors, language and culture, and embodied experiences of racism and 

discrimination.1,8 Thus, high-quality data on race and ethnicity can be a key first step to quantify 

health inequalities that ultimately are used as a basis for policy aimed at redressing them. In this 

article, we define what constitutes high-quality race and ethnicity data, discuss the challenges in 

using these data, and provide 2 case studies that illustrate their role in identifying and redressing 

health inequity. 

 

Characteristics of High-Quality Race and Ethnicity Data 

Accurate and comprehensive data on race and ethnicity are critical for conducting effective 

health equity research to guide policy development. Essential characteristics of high-quality race 

and ethnicity data include high levels of completeness, self-reported collection, consistency, and 

granularity, as described below.  
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As with any data captured in routine health care settings, the completeness of data is related to 

health care usage and access, even in countries where health care is free at the point of access. 

Despite universal primary health care, certain population groups, such as migrants, attend 

primary care less frequently.9 These important differences in access can greatly affect the 

completeness of race and ethnicity data, limiting our ability to redress disparities in populations 

often with the greatest health care need. The self-report of an individual’s own racial or ethnic 

identity (as opposed to data recorded by an observer based on visual assessment or other indirect 

methods) is essential for accuracy.10,11 While an individual’s identity may not necessarily fit with 

the standard categories available to choose from, the use of consistent and standardized 

categories during collection and in published research minimizes discrepancies, enhances 

comparability, and allows for monitoring patterns over time. Greater granularity in racial and 

ethnic categories allows for better representation of racial and ethnic identities, provided 

analyses avoid combining relatively smaller groups into an “other” category that potentially 

obscures inequity. The quantity and validity of standard ethnic categories may evolve over time 

to reflect the changing ethnic makeup of a population. For example, the “mixed” ethnicity group 

is the largest growing ethnic group in the UK12 and the US13, and more granular breakdowns of 

this high-level, catch-all group will be essential for identifying the needs of the population over 

the long-term.   

 

Pandemic-Prompted Change 

The COVID-19 pandemic has highlighted and exacerbated racial and ethnic inequity in health 

care and health outcomes.14 Our understanding of these inequity was made possible by research 

leveraging routinely collected race and ethnicity data available in health care records and 
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insurance claims databases. While several countries15–17 recognize the importance of collecting 

race and ethnicity data, others consider the collection of such data illegal, making it impossible 

to directly quantify and redress inequity in these settings.18,19 Collection of race and ethnicity 

data is an imperfect system, and current practices often suffer from inconsistencies in self-

reported collection, standardization, and granularity of categories. However, these shortcomings 

should not preclude the use of existing race and ethnicity data to examine patterns in the health 

needs of minoritized populations. 

 

The pandemic was a catalyst for change in research culture. The urgent need for responsive 

research led to widespread changes in how we use, share, and think about data. First, the 

pandemic resulted in initiatives (as demonstrated in the cases below) that improved the speed, 

safety, and transparency of research. Second, it placed inequalities research in a global spotlight. 

Early in the pandemic, press reports suggested that racially and ethnically minoritized groups 

were disproportionately affected by COVID-19 relative to their White counterparts.20–22 

Hypotheses included excess occupational exposure to the SARS-CoV-2 virus, greater barriers in 

accessing health care, and lack of culturally and linguistically appropriate public health 

communications.23,24 There was a clear and urgent need to formally evaluate the potential for 

racial and ethnic inequity associated with the pandemic. Third, the pandemic led to novel 

collaborations across sectors and disciplines, including community partnerships and engagement. 

For example, Latino communities in California engaged in community-academic partnerships to 

develop culturally appropriate health interventions addressing testing barriers.25 Fourth, it 

required researchers to facilitate public understanding to help narrow the “trust gap” between 

researchers and the public concerning how people’s health and administrative data are used for 
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research.26. These changes in research practice hold promise for more rapidly translating 

scientific research into policy aimed at redressing health inequalities. 

 

Cases 

Below, we provide 2 use cases that demonstrate the benefits and challenges of using race and 

ethnicity data to identify and redress inequity in health care utilization and outcomes. The cases 

we selected represent health care systems in the US and UK that offer care largely free of charge, 

thereby minimizing significant cost barriers to health care utilization. However, inequity in 

access to health care remain in both systems.27,28 Disentangling the impact of health care access 

from observed inequity in health outcomes remains a challenge, as any underrepresentation of 

marginalized groups in the data can compromise the ability to accurately assess and redress 

health inequity. 

 

Case 1: racial and ethnic disparities in COVID-19 pandemic in the US and UK. In the US, we 

highlight research leveraging longitudinal electronic health record data from the Department of 

Veterans Affairs (VA). The VA is the largest integrated health care system in the US and 

provides comprehensive health care to more than 9 million Veterans annually nationwide at over 

1300 points-of-care.29 Since 2003, the VA has routinely collected self-reported race and ethnicity 

data during intake and at outpatient and inpatient visits.11 In the UK, we highlight research 

conducted using OpenSAFELY,30 a novel software platform developed on behalf of NHS 

England to support rapid, responsive research on COVID-19. At its inception in 2020, 

OpenSAFELY included electronic health records that contained self-reported ethnicity31 for 25 

million people, covering 40% of the English population.32  
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With VA data, researchers identified stark disparities in testing positive33–35 and COVID-19 

hospitalizations36 among racial and ethnic minoritized groups. However, among those who tested 

positive, there were no observed disparities in subsequent mortality,33 which has been attributed 

to the care received in the VA health care system, as health disparities in the VA tend to be 

smaller than in the private sector.37 Nevertheless, at a population level the substantial excess 

burden of SARS-CoV-2 infection among racially and ethnically minoritized groups inevitably 

translated to excess mortality in these communities in the US38 and UK.39 In the US, American 

Indian and Alaska Native (AI/AN) patients “experienced the largest absolute and relative 

increases in mortality during the pandemic,” although they represented only 1% of the VA 

population.40 The OpenSAFELY studies found similar ethnic disparities in testing positive, 

hospitalization, and mortality.41 In the UK data, these data were used to additionally identify 

factors such as living in deprived areas42 and residing in large, multigenerational households43 

associated with SARS-CoV-2 infection and mortality. Thanks to large sample sizes, researchers 

were able to undertake comparisons among more granular ethnicity groups, which identified 

widening inequalities in COVID-19 mortality among South Asian groups, especially the 

Bangladeshi community, in the second wave of the pandemic. These findings led to further work 

in which the crude household size variable was redefined as a measure of multigenerational 

living. This work showed that 66% of people of South Asian ethnicity live in multigenerational 

households compared to 23% of White groups and 49% of Black groups and that 

multigenerational living and living alone were both associated with increased risk of COVID-

19.43 In both countries, however, the lack of data on wider social determinants of health, such as 
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employment and contact patterns, in large-scale electronic health record systems limited 

investigating these factors further.  

 

Despite these limitations, the rapid, responsive way of working during the pandemic meant that 

researchers in both countries were collaborating in large, multidisciplinary teams, enabling rapid 

transformation of research findings into responsive policy recommendations, including for 

tailored, culturally responsive public health messaging concerning prevention and, eventually, 

vaccination. For example, the VA created a COVID-19 Equity Dashboard to track and visualize 

infection and vaccination rates by race and ethnicity and other demographic factors, enabling 

targeted outreach and intervention.44 Additionally, the VA conducted virtual listening sessions 

between Veterans of color and demographic-matched professionals to increase vaccination rates 

and address vaccine hesitancy by building trust and explicitly redressing historical injustices.44 In 

the UK, targeted communication and engagement strategies, such as leveraging local influencers 

through the Community Champions scheme and utilizing flexible deployment models that 

support vaccinations during religious events and in places of worship, were essential to 

improving vaccine uptake among ethnic minorities and combatting misinformation.45 

 

To maximize transparency and trust in its research, each study conducted using the 

OpenSAFELY platform is required to preregister a complete study protocol and publicly share 

all code that extracts and analyzes data.46,47 This transparency aims to assure all stakeholders, 

including patients, professionals, and policy makers, that data were used as intended and handled 

and interpreted appropriately.   
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Case 2: using ethnicity data to develop targeted public health interventions. For over 30 years, 

the Clinical Effectiveness Group (CEG) at Queen Mary, University of London, has utilized 

electronic health record data to generate valuable insights and innovations, thereby facilitating 

health and social care improvements. The CEG enhances learning health systems in one of 

London’s most diverse and deprived areas, the borough of Tower Hamlets. By employing a cycle 

of analysis, feedback, and interaction, the CEG effectively bridges research, policy, and practice, 

driving public health advancements and reducing inequalities. 

 

One key example of the learning health system at work is that of redressing ethnic inequities in 

measles mumps and rubella (MMR) vaccination. It was found that “between 2006 and 2008 … 

Tower Hamlets had the highest rates of confirmed measles [in the UK], with 24 cases per 100 

000 … compared with a national figure of 2 per 100 000.”48 Using routinely collected primary 

care data, the CEG as able to demonstrate significant ethnic inequities in MMR uptake. In Tower 

Hamlets, focus group work with Somali parents suggested that MMR vaccine uptake was low 

partly on account of safety concerns related to autism. Thanks to high-quality ethnicity recording 

(which was over 97% complete for children under 5), the researchers were able to analyze data 

for the Somali group separately from the broader ethnic category of Black African/Caribbean. 

 

By 2011, Tower Hamlets had virtually achieved herd immunity and had the highest rates of 

MMR vaccination in London, thanks to efforts that were responsive to the local context.48 The 

CEG demonstrated that achieving herd immunity for childhood vaccinations was an achievable 

goal in an ethnically and socially diverse population. The high-quality ethnicity data available to 
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researchers allowed them “to identify characteristics of the difficult to reach groups, including 

significant differences in uptake across different ethnicities.”48 

 

Changes in management and the withdrawal of financial incentives meant that the gains were not 

sustained long-term. Ten years later, MMR immunization rates in London dropped to levels 

disproportionately lower than the rest of the UK, partly due to the pandemic.49 Inequity widened, 

prompting renewed efforts to reach herd immunity for MMR. In February 2022, the CEG 

launched a quality improvement program to redress falling rates of childhood immunizations. 

Research is now underway to fully evaluate the program, which will generate the evidence base 

to inform practice and policy going forward.50 One suggested policy action is to include national 

measures to tackle these inequities by financially incentivizing general practitioners to deliver 

timely routine childhood vaccinations in primary care.49–51  

 

Current Key Challenges 

Achieving representative data collection presents significant challenges, especially in diverse 

populations in which socioeconomic inequity, access to health care, and geographic location can 

influence data quality and availability. It is further complicated in systems where race and 

ethnicity data collection can be skewed by the nature of healthcare provision. Although health 

care systems like the VA or the UK’s National Health Service are largely free at the point of 

contact, those who are marginalized might be less likely to interact with health care systems and 

be represented in the data.  
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While the above cases constitute positive examples of using existing large-scale race and 

ethnicity data, data injustices remain. For example, the term data genocide has been used to 

describe the lack of AI/AN data available in the US during the pandemic.52 As a result, AI/AN 

communities exercised communal ownership of health data to drive public health responses 

tailored to their specific needs.53 Greater community engagement is crucial in redressing health 

inequity and building trust between researchers and marginalized communities. 

 

To overcome these challenges, as a start, we point to recent guidance on the reporting of race and 

ethnicity in scientific research.54 We also note a call for action to bring about data justice 

“regarding the reporting and analysis of publicly-funded work involving racialized groups.”1  

 

Conclusion 

Ensuring high-quality race and ethnicity data through self-reported collection of standardized, 

granular categories is crucial for meaningful analysis aimed at identifying health inequity. Given 

the underlying factors inherent in racial and ethnic group classifications, analyzing inequity can 

yield crucial insights into health patterns and serve as a critical basis for redressing health 

inequity. 
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