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Influenza, Campylobacter and
Mycoplasma Infections, and
Hospital Admissions for GuillainBarré Syndrome, England
Clarence C. Tam,*† Sarah J. O’Brien,‡ and Laura C. Rodrigues*

Guillain-Barré syndrome (GBS) is the most common
cause of acute flaccid paralysis in polio-free regions.
Considerable evidence links Campylobacter infection with
GBS, but evidence that implicates other pathogens as triggers remains scarce. We conducted a time-series analysis
to investigate short-term correlations between weekly laboratory-confirmed reports of putative triggering pathogens
and weekly hospitalizations for GBS in England from 1993
through 2002. We found a positive association between the
numbers of reports of laboratory-confirmed influenza A in
any given week and GBS hospitalizations in the same
week. Different pathogens may trigger GBS in persons of
different ages; among those <35 years, numbers of weekly
GBS hospitalizations were associated with weekly
Campylobacter and Mycoplasma pneumoniae reports,
whereas among those >35 years, positive associations
were with influenza. Further studies should estimate the
relative contribution of different pathogens to GBS incidence, overall and by age group, and determine whether
influenza is a real trigger for GBS or a marker for influenza
vaccination.

uillain-Barré syndrome (GBS) is the most common
cause of acute flaccid paralysis in polio-free regions.
Estimated incidence in high-income countries is 0.4–4.0
cases per 100,000 population (1). Campylobacter jejuni is
the most commonly identified infectious trigger for GBS.
Several studies have demonstrated evidence of recent C.
jejuni infection in a higher proportion of GBS casepatients than in controls (2–10). Other pathogens, including cytomegalovirus (7), Epstein-Barr virus (7),
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Haemophilus influenzae (11–14), and Mycoplasma pneumoniae (7,15,16), have been suggested as possible GBS
triggers, as was influenza vaccination in the United States
during 1976–1977 (17). However, epidemiologic evidence
that implicates these latter agents remains scarce. We conducted a time-series analysis to investigate temporal associations between weekly variations in reports of
microbiologically confirmed infections and hospital
admissions for GBS.
Methods
Reports of Microbiologically Confirmed Infections

Positive microbiologic diagnoses ascertained through
voluntary laboratory reporting in England and Wales are
recorded in the national infections database (LabBase2)
(18). We obtained weekly reports of infections suspected
of causing GBS, namely, Campylobacter spp.,
cytomegalovirus, Epstein-Barr virus, Haemophilus
influenzae (B and non-B), Mycoplasma pneumoniae, and
influenza (A, B, and all influenza) from 1993 through
2002. Influenza vaccination figures are available only
quarterly and do not provide sufficient temporal resolution
for this analysis.
We used the specimen date for all analyses because
onset dates were rarely available. For Campylobacter, the
median delay between patients’ onset date and the specimen date was 4 days (interquartile range 3–7 days); for
90% of cases, the delay was <14 days (19). Similar data
were unavailable for other pathogens.
GBS Hospitalizations

Nonidentifiable GBS hospitalization data were provided by Hospital Episodes Statistics (HES) (20), which

Emerging Infectious Diseases • www.cdc.gov/eid • Vol. 12, No. 12, December 2006

Guillain-Barré Syndrome, England

records all in-patient care episodes in English National
Health Service hospitals. An episode is a continuous period of treatment under 1 consultant. Each episode includes
patient’s age, sex, admission date, episode duration,
episode number, and <14 possible International
Classification of Diseases (ICD) diagnoses. Because a
patient may see several consultants during a hospital stay,
several episodes for the same hospitalization event may
appear in HES records. Since April 1997 a unique code
identifies episodes for the same patient. A series of continuous episodes constitutes a spell of treatment. This method
of episode linkage was applied to records from January
1998 onward. Before then, only episodes classified as first
episodes were used to avoid including multiple episodes
for the same patient spell.
A GBS admission was defined as a spell with GBSrelated ICD codes (ICD-9 357.0/ICD-10 G61.0) in any of
the first 3 diagnostic codes. From 1998 through 2002,
3,477 repeat spells were excluded; these are unlikely to
represent independent events, e.g., the likelihood of recurrent GBS may depend on host genetic factors.
The 2 series of hospitalizations (1993–1997 and
1998–2002) were collapsed into weekly counts of GBS
admissions. For 1993, data were only available from April
1 on. We compared the 2 periods to investigate whether
inability to exclude repeat spells from 1993 through 1997
affected the seasonal pattern of GBS admissions. No major
differences were seen (Figure 1), and the 2 periods were
combined into a weekly time-series of 10 years.
Statistical Analysis

We aimed to answer the following question: Is an
increase in the number of laboratory reports in any given
week associated with increases in GBS hospitalizations in
subsequent weeks? In choosing appropriate statistical
methods, special characteristics of time-series data must be
considered. Such data exhibit nonrandom patterns over
time. These include long-term increasing or decreasing
trends (whereby weekly GBS hospitalizations within a year
are more closely related than between years) and seasonal
patterns (whereby the number of GBS hospitalizations in
any given week is similar to that in the same week for other
years). In addition, weekly hospitalizations are count data,
following a Poisson rather than a normal distribution.
For these reasons, time-series observations cannot be
considered to be independent, and statistical techniques
commonly used for independent, normally distributed data
(such as simple correlation) are inappropriate. Special
methods that account for temporal dependence in the data
are needed. Specifically, temporal dependence in timeseries data can result in confounding due to long-term
trends (year-on-year) and seasonal (within-year) patterns.
Two variables could apparently be related in time because

Figure 1. Seasonal distribution of Guillain-Barré syndrome admissions during 1993–1997 and 1998–2002.

they have similar seasonal characteristics, not because one
causes the other. For example, bottled water consumption
increases in summer, when the incidence of salmonellosis
is highest. This does not imply that bottled water is a risk
factor for Salmonella infection; rather, bottled water consumption is influenced by ambient temperature, which
itself independently influences Salmonella transmission.
The exposure-outcome association could also be confounded or obscured by other time-varying factors. For
example, if influenza causes GBS, GBS admissions should
increase in winter, when influenza incidence is highest.
However, Campylobacter has the opposite seasonality; if
Campylobacter is also associated with GBS, high numbers
of GBS admissions could still occur when influenza
reports are low, because these GBS cases are due to
Campylobacter (or other pathogens with different seasonality). Time-series methods account for such temporal
dependencies in data by adjusting for these long-term
trends and seasonal patterns, which enables associations to
be investigated over shorter periods, independent of trend
and seasonal components.
We used multivariable Poisson regression adapted for
time-series data (21–23) to investigate the effect of weekly variations in reports of different pathogens on the number of GBS hospitalizations; we adjusted for long-term
trends and seasonality. The weekly number of GBS hospitalizations was the outcome, and the weekly number of
reports for each pathogen was the exposure. We assumed a
log-linear relationship between exposure and outcome,
i.e., that an increase in the number of reports of a particular pathogen resulted in a constant increase in the log number of GBS hospitalizations throughout the range of
laboratory reports.
We adjusted for long-term (year-on-year) trends by
including a variable indicating the year of hospitalization
in the regression model; thus, we allowed the mean number of GBS hospitalizations to vary between years. We
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controlled for seasonality by using Fourier terms (21,24).
Fourier terms can be used to produce a smooth function of
expected values for any set of periodic data (e.g., a seasonal pattern). This is achieved by introducing into the regression model a linear combination of pairs of sine and cosine
terms (harmonics) of varying wavelengths. A harmonic is
an integer fraction of 1 full wavelength (here, 1 year). The
more harmonics used, the better the fit to the hospitalization series (i.e., the greater the level of seasonal adjustment). A seasonal pattern with a single peak and single
trough within 1 year could be reproduced with 1 harmonic. In reality, seasonal patterns are more complex, and several harmonic terms are required for adequate seasonal
adjustment. Given sufficient seasonal adjustment, all variation in the hospitalization series explained by seasonality
is removed; any remaining variation must be due to other
factors or random noise. This residual variation, independent of long-term trends and seasonal patterns, and its association with weekly reports of infections was our focus of
interest. We used 6 harmonics to adjust for periodic patterns in the data >2 months, assuming that GBS risk is
increased for <2 months after infection. In addition, we
introduced a variable that indicated weeks in which public
holidays occurred, to adjust for artifactual variation in laboratory reporting and hospitalizations during these weeks.
Lag Effects

Because of the time lag between infection and GBS, the
number of GBS admissions is likely to be associated not
with the number of laboratory reports in the same week,
but with the number of reports some time before. We thus
performed separate regressions with exposure variables
lagged by <8 weeks. Further, because of delays in seeking
healthcare, diagnosing infection, and reporting positive
diagnoses to national surveillance, increases in hospitalizations could precede increases in laboratory reports. To
account for this possibility, we also performed regressions
of GBS admissions against laboratory reports within the
subsequent 4 weeks.
The core models thus contained the logged GBS hospitalization series as the dependent variable, indicator variables for year, Fourier terms for season, and an indicator
variable for weeks with public holidays. The weekly number of reports of a particular pathogen, either in the same
week or lagged by a certain number of weeks, was then
introduced as the explanatory variable of interest. The
regression equation for the models predicting the expectation of the logarithm of weekly GBS hospitalizations, Y,
was

monics), and φ (holiday) is a term representing weeks with
public holidays. The regression coefficient, β, is the effect
of the exposure of interest (the weekly number of laboratory reports, X). Its exponential, the relative risk (RR),
reflects the ratio increase in GBS hospitalizations per unit
increase in laboratory reports of pathogen (p) at lag t-l,
where l ranges from 8 weeks before to 4 weeks after the
GBS hospitalization.
We fit separate models for each pathogen at each lag.
We assessed model fit by looking at residual variation. We
used the partial autocorrelation function (25) to investigate
the presence of residual autocorrelation, i.e., whether
residual variation in GBS hospitalizations in any given
week was correlated with residual variation in other
weeks. Some degree of autocorrelation at a lag of 1 week
remained after adjustment for yearly and seasonal patterns.
We controlled for this by adding to all models a term for
the residuals lagged by 1 week (a first-order autoregressive
term; AR1 in the equation). The scale parameter for standard errors was set as the Pearson χ2 statistic divided by
the residual degrees of freedom to allow for possible
overdispersion in the data.
Age Group Analysis

Associations between GBS and infection could differ
between age groups; an association between a pathogen
and GBS might only become apparent in a limited age
range. We performed subanalyses to investigate associations in different age groups. Because the age distribution
of GBS case-patients is not uniform, we categorized age
into 3 broad groups: <35 years, 35–64 years, and >65
years, according to the age distribution of GBS patient
admissions (Figure 2). Age group–specific models were fit
similarly to those for all ages.
All lags at which positive associations were found are
presented. However, because of the large number of statistical tests performed (13 lags per pathogen per age group),
a positive association at a given lag was considered potentially relevant only if it occurred within a cluster. A cluster

log( E (Y )) = α + β ( X tp−l ) + δ y ( year ) + S (t ) + φ ( holiday ) + AR1

where δy represents the coefficients for each year (y), S(t)
represents a smooth function of season (comprising 6 har1882

Figure 2. Age distribution of first hospitalization for Guillain-Barré
syndrome, England, April 1993–December 2002.
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was defined as 2 or more consecutive lags, each associated with the outcome at the 0.05 significance level. This
approach reduces the probability of observing chance
associations due to multiple testing. Within clusters, lags
significant at the 0.01 level were considered important.
The adjusted coefficient from these models was used to
calculate the expected increase in GBS admissions per
10% increase in the range of laboratory reports at a given
lag. All statistical analyses were performed in Stata 8.0
(Stata Corp., College Station, TX, USA).
Results
In the 10-year study period, 11,019 primary admissions
for GBS occurred: 2,929 (26.6%) patients were <35 years
of age, 4,467 (40.5%) were ages 35–64 years, and 3,623
(32.9%) were >65 years. Summary statistics for the weekly number of GBS admissions and laboratory reports for
the different pathogens are found in Table 1.
Table 2 gives details of the lags for each pathogen for
which significant associations with GBS admissions were
found. Only clusters of lags that were significant at the
0.05 significance level are presented. Within clusters, lags
that were significant at the 0.01 significance level appear
in bold. For example, for influenza reports in all ages, significant associations were found between the number of
GBS hospitalizations in any given week and the number
of influenza reports in the same week (lag 0) and the previous week (lag 1); the p value for the coefficient at lag 0
was <0.01. Lags that were associated with GBS at the
0.05 significance level but did not occur in clusters are
shown in Table 3. Seventeen such lags occurred, consistent with 1 in 20 tests giving a significant result by chance
(at p<0.05) (given 312 combinations of pathogens, age
groups, and lags).
Table 4 presents RRs and 99% confidence intervals
(CIs) for the associations shown in Table 2. Only those
individual lags from Table 2 that were significant at the

0.01 level of precision are presented. The RRs represent
the relative increase in GBS admissions per 10% increase
in the range of laboratory reports for a given pathogen at a
given lag. For example, for influenza A, the maximum
number of laboratory reports in any given week was 398,
while the minimum was zero; an increase in influenza A
reports of 39.8 (10% of the range) in any given week
results, on average, in a 1.03-fold (or 3%) higher incidence
of GBS admissions in the same week (RR = 1.032, 99% CI
1.008–1.057). Overall, a positive association was found
only with influenza and influenza A at a lag of zero weeks
(in the same week as GBS admission).
Different pathogens are associated with GBS admission
in different age groups. In those <35 years, the number of
GBS admissions in a given week was associated with the
number of Campylobacter spp. reports 5 and 4 weeks earlier and with the number of M. pneumoniae reports in the
same week and 1 and 3 weeks later.
Among persons ages 35–64 years, a positive association was found between the number of GBS admissions in
any given week and the number of all influenza reports 1
and 2 weeks earlier. In those ages >65 years, associations
were found between the number of GBS admissions and
the number of all influenza and influenza A reports in the
current week and 1 week before hospitalization.
The results were robust to varying degrees of seasonal
adjustment; we repeated the analysis and adjusted for seasonal wavelengths of up to 4 months (3 harmonics) and 1
month (12 harmonics) and used indicator variables for
month as well, all with similar results. Table 5 shows those
lags that consistently appeared in clusters at all levels of
seasonal adjustment. Results for influenza and M. pneumoniae were not sensitive to the degree of seasonal adjustment. For Campylobacter, clusters of lags were seen with
all Fourier models, but not with models that used month
indicators.
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Discussion
We found associations between the weekly number of
laboratory reports of various pathogens and incidence of
GBS hospitalizations. Different organisms may be responsible for triggering GBS in different age groups. In particular, Campylobacter and M. pneumoniae appear to be
associated with GBS in those <35 years, while influenza
associations were seen in those >35 years. Differences in
the pathogens responsible for triggering GBS in different
age groups have not previously been reported.
No clusters of significant lags were found for
cytomegalovirus, Epstein-Barr virus, and H. influenzae
infections. This could be due to low statistical power (on
average, <10 reports per week were made for Epstein-Barr
virus and H. influenzae), or it could indicate a very small
risk or none after these infections.
Our results are subject to several limitations. HES data
exclude information from private hospitals. Given the universality of healthcare in England, however, the proportion
of GBS cases diagnosed in private hospitals is likely to be
small. Although we used only ICD codes specific for GBS,
some GBS cases may be classified under nonspecific
codes, namely, ICD-9 357.9 (unspecified toxic and inflammatory neuropathy) and ICD-10 G61.9 (inflammatory
polyneuropathy unspecified). However, these codes
include a large proportion of cases unrelated to GBS; their
inclusion in the analysis would dilute any associations with
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the infections investigated. Misdiagnosis of GBS is also
possible; a proportion of GBS diagnoses is likely to represent false positives. We could not validate diagnoses
through hospital chart review because identities were hidden in the HES data, and we did not have access to
patients’ records. However, any misclassification arising
from inclusion of false-positive GBS diagnoses will be
nondifferential, i.e., the likelihood of misdiagnosis with
GBS is unrelated to the likelihood of diagnosis with the
pathogens investigated. Inclusion of non-GBS cases could
have resulted in effect dilution, but this inclusion would
likely not have yielded positive associations when none
truly existed.
Laboratory reports for any condition represent only a
subset of all symptomatic cases of disease in the community. Our analysis assumes that, for a given condition,
the seasonal pattern of laboratory reports accurately reflects
the pattern of all community cases. Ascertainment of
influenza is likely to be more comprehensive in winter
because microbiologic investigation for this pathogen is not
routinely conducted outside the influenza season (26). This
could affect our ability to detect associations in different
seasons, but this was not the focus of our study. Our analysis also assumes that the seasonal pattern of laboratory
reports is accurately reflected within each age group. This
may not be true if, for example, younger persons are less
likely to visit the health services (and, thus, be included in
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laboratory reports) for symptoms of influenza during the
influenza season. However, laboratory report data for
influenza show a distinct and consistent peak during the
winter months in all age groups (data not shown).
Among Campylobacter spp., only C. jejuni is thought
to cause GBS. As clinical isolates of Campylobacter are
not routinely speciated in England and Wales, non-jejuni
species could not be excluded from the analysis. However,
the England and Wales Campylobacter Sentinel
Surveillance Scheme indicates that 80%–90% of reports of
Campylobacter infection are due to C. jejuni (19); inclusion of species not linked to GBS would attenuate rather
than inflate any effect on GBS admissions.
The regression coefficients indicate associations
between the incidence of various pathogens and GBS
admissions, but the coefficients themselves are not directly
comparable between pathogens. This is because their magnitude is dependent not only on the true magnitude of the
association, but also on the proportion of all cases that is

captured by laboratory reports, and this will vary by
pathogen (for example, severe conditions are more likely to
be reported). Thus, estimates of the relative incidence of
GBS due to the different pathogens cannot be obtained
from these data. In addition, some evidence exists, particularly for C. jejuni, that GBS can develop after subclinical
infection. Our analysis did not include asymptomatic infections, so our results apply only to clinical cases of infection.
These findings nevertheless raise hypotheses that merit further investigation. For example, several case reports and
immunologic analyses have suggested a link between M.
pneumoniae infection and GBS (7,15,16), but such a link
has not been confirmed by robust epidemiologic studies.
Our results suggest that studies focusing on younger GBS
patients could help clarify any such association.
Whether the associations with influenza are real or
whether they reflect seasonal patterns in influenza vaccination is unclear. Influenza vaccination has previously been
linked to GBS. During the mass vaccination campaign
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against swine influenza in the United States during
1976–1977, GBS incidence among vaccinees was 7-fold
higher in the 6 weeks after vaccination than in nonvaccinees (17,26). Similar analyses during subsequent influenza seasons (with no mass vaccination) have found no
increased risk (27), or a doubling of the risk (28), which
suggests that differences in antigenic formulation or characteristics of vaccinated populations are influential factors
in vaccine-related GBS risk. Here, we found associations
with influenza A only; this may reflect the antigenic composition of influenza vaccines, or differential risk resulting
from antigenic differences between subtype A and B
strains of influenza.
The short lags identified here between increases in
influenza reports and subsequent GBS admissions are consistent with a vaccine trigger; the risk period for vaccinerelated GBS is believed to be 6 weeks, and increases in
vaccination coverage would be expected to precede seasonal rises in influenza. Vaccination could also explain the
lack of an association in younger persons, because influenza vaccination is not generally recommended in healthy
persons <65 years in the United Kingdom. Influenza vaccine coverage data indicate that for the study period, vaccine uptake was <1% in low-risk groups ages <35 years,
<10% among those ages 35–54 years, and 20%–30%
among those ages >65 years (29). For elderly persons at
high risk, uptake increased from 40% to 65% from 1993
through 2002 (30). These data support the hypothesis that
persons in older age groups have a greater vaccine-induced
risk of GBS, although a true association with the disease of
influenza is still possible. Primary care–based studies
investigating the influenza and influenza vaccination status of GBS patients could help resolve this issue.
Acknowledgments
We gratefully acknowledge Kate Byram and Susan Alpay
for providing the data on GBS hospitalizations and Sallyanne
Meakins for providing the data on laboratory reports. We thank
Shakoor Hajat for helpful comments on the manuscript.
This study was funded by the Environmental and Enteric
Diseases Department, Health Protection Agency Centre for
Infections, and the Infectious Disease Epidemiology Unit,
Department of Epidemiology and Population Health, London
School of Hygiene and Tropical Medicine.
Dr Tam is an epidemiologist at the Department of
Epidemiology and Population Health, London School of Hygiene
and Tropical Medicine. His main research interests include the
epidemiology of infectious intestinal disease, long-term sequelae
of diarrheal infections, and epidemiologic methods.

1886

References
1. Allos BM. Association between Campylobacter infection and
Guillain-Barré syndrome. J Infect Dis. 1997;176(Suppl 2):S125–8.
2. Rees JH, Soudain SE, Gregson NA, Hughes RA. Campylobacter
jejuni infection and Guillain-Barré syndrome. N Engl J Med.
1995;333:1374–9.
3. Enders U, Karch H, Toyka KV, Michels M, Zielasek J, Pette M, et al.
The spectrum of immune responses to Campylobacter jejuni and glycoconjugates in Guillain-Barré syndrome and in other neuroimmunological disorders. Ann Neurol. 1993;34:136–44.
4. Guarino M, Casmiro M, D’Alessandro R. Campylobacter jejuni
infection and Guillain-Barré syndrome: a case-control study. EmiliaRomagna Study Group on Clinical and Epidemiological Problems in
Neurology. Neuroepidemiology. 1998;17:296–302.
5. Hao Q, Saida T, Kuroki S, Nishimura M, Nukina M, Obayashi H, et
al. Antibodies to gangliosides and galactocerebroside in patients with
Guillain-Barré syndrome with preceding Campylobacter jejuni and
other identified infections. J Neuroimmunol. 1998;81:116–26.
6. Ho TW, Mishu B, Li CY, Gao CY, Cornblath DR, Griffin JW, et al.
Guillain-Barré syndrome in northern China. Relationship to
Campylobacter jejuni infection and anti-glycolipid antibodies. Brain.
1995;118:597–605.
7. Jacobs BC, Rothbarth PH, van der Meche FG, Herbrink P, Schmitz
PI, de Klerk MA, et al. The spectrum of antecedent infections in
Guillain-Barré syndrome: a case-control study. Neurology.
1998;51:1110–5.
8. Kaldor J, Speed BR. Guillain-Barré syndrome and Campylobacter
jejuni: a serological study. Br Med J (Clin Res Ed).
1984;288:1867–70.
9. Koga M, Yuki N, Takahashi M, Saito K, Hirata K. Close association
of IgA anti-ganglioside antibodies with antecedent Campylobacter
jejuni infection in Guillain-Barré and Fisher’s syndromes. J
Neuroimmunol. 1998;81:138–43.
10. Kuroki S, Haruta T, Yoshioka M, Kobayashi Y, Nukina M, Nakanishi
H. Guillain-Barré syndrome associated with Campylobacter infection. Pediatr Infect Dis J. 1991;10:149–51.
11. Ju YY, Womersley H, Pritchard J, Gray I, Hughes RA, Gregson NA.
Haemophilus influenzae as a possible cause of Guillain-Barré syndrome. J Neuroimmunol. 2004;149:160–6.
12. Koga M, Gilbert M, Li J, Koike S, Takahashi M, Furukawa K, et al.
Antecedent infections in Fisher syndrome: a common pathogenesis of
molecular mimicry. Neurology. 2005;64:1605–11.
13. Mori M, Kuwabara S, Miyake M, Dezawa M, Adachi-Usami E,
Kuroki H, et al. Haemophilus influenzae has a GM1 ganglioside-like
structure and elicits Guillain-Barré syndrome. Neurology.
1999;52:1282–4.
14. Mori M, Kuwabara S, Miyake M, Noda M, Kuroki H, Kanno H, et al.
Haemophilus influenzae infection and Guillain-Barré syndrome.
Brain. 2000;123:2171–8.
15. Ang CW, Tio-Gillen AP, Groen J, Herbrink P, Jacobs BC, Van
Koningsveld R, et al. Cross-reactive anti-galactocerebroside antibodies and Mycoplasma pneumoniae infections in Guillain-Barré syndrome. J Neuroimmunol. 2002;130:179–83.
16. Ginestal RC, Plaza JF, Callejo JM, Rodriguez-Espinosa N,
Fernandez-Ruiz LC, Masjuan J. Bilateral optic neuritis and GuillainBarré syndrome following an acute Mycoplasma pneumoniae infection. J Neurol. 2004;251:767–8.
17. Safranek TJ, Lawrence DN, Kurland LT, Culver DH, Wiederholt WC,
Hayner NS, et al. Reassessment of the association between GuillainBarré syndrome and receipt of swine influenza vaccine in
1976–1977: results of a two-state study. Expert Neurology Group.
Am J Epidemiol. 1991;133:940–51.

Emerging Infectious Diseases • www.cdc.gov/eid • Vol. 12, No. 12, December 2006

Guillain-Barré Syndrome, England

18. Wall PG, de Louvois J, Gilbert RJ, Rowe B. Food poisoning: notifications, laboratory reports, and outbreaks–where do the statistics
come from and what do they mean? Commun Dis Rep CDR Rev.
1996;6:R93–100.
19. Gillespie IA, O’Brien SJ, Frost JA, Adak GK, Horby P, Swan AV, et
al. A case-case comparison of Campylobacter coli and
Campylobacter jejuni infection: a tool for generating hypotheses.
Emerg Infect Dis. 2002;8:937–42.
20. Department of Health (England). Hospital episode statistics [cited
2005 Jan 12]. Available from http://www.hesonline.nhs.uk
21. Schwartz J, Spix C, Touloumi G, Bacharova L, Barumamdzadeh T, le
Tertre A, et al. Methodological issues in studies of air pollution and
daily counts of deaths or hospital admissions. J Epidemiol
Community Health. 1996;50(Suppl 1):S3–11.
22. Schwartz J, Levin R, Goldstein R. Drinking water turbidity and gastrointestinal illness in the elderly of Philadelphia. J Epidemiol
Community Health. 2000;54:45–51.
23. Schwartz J, Levin R, Hodge K. Drinking water turbidity and pediatric
hospital use for gastrointestinal illness in Philadelphia.
Epidemiology. 1997;8:615–20.
24. Vellinga A, Van Loock F. The dioxin crisis as experiment to determine poultry-related campylobacter enteritis. Emerg Infect Dis.
2002;8:19–22.

25. Chatfield C. The analysis of time series: an introduction, 5th ed.
London: Chapman and Hall; 1996.
26. Goddard NL, Joseph CA, Zambon M, Nunn M, Fleming D, Watson
JM. Influenza surveillance in the United Kingdom: October 2000 to
May 2001. [serial online]. Commun Dis Rep CDR. 2001;2005:S1–7.
27. Schonberger LB, Hurwitz ES, Katona P, Holman RC, Bregman DJ.
Guillain-Barré syndrome: its epidemiology and associations with
influenza vaccination. Ann Neurol. 1981;9(Suppl):31–8.
28. Hurwitz ES, Schonberger LB, Nelson DB, Holman RC. GuillainBarré syndrome and the 1978–1979 influenza vaccine. N Engl J Med.
1981;304:1557–61.
29. Lasky T, Terracciano GJ, Magder L, Koski CK, Ballesteros M, Nash
D, et al. The Guillain-Barré syndrome and the 1992–1993 and
1993–1994 influenza vaccines. N Engl J Med. 1998;339:1797–802.
30. Joseph C, Goddard N, Gelb D. Influenza vaccine uptake and distribution in England and Wales using data from the General Practice
Research Database, 1989/90–2003/04. J Public Health (Oxf).
2005;27:371–7.
Address for correspondence: Clarence C. Tam, Infectious Disease
Epidemiology Unit, Department of Epidemiology and Population Health,
London School of Hygiene and Tropical Medicine, Keppel Street,
London WC1E 7HT, UK; email: clarence.tam@lshtm.ac.uk

Search past issues of EID at www.cdc.gov/eid

Emerging Infectious Diseases • www.cdc.gov/eid • Vol. 12, No. 12, December 2006

1887

